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<8 3> Three Candidate Objects for Selection

<E 1> Dataset Composition

Class Object 1|Object 2|Object 3| Total
Total Samples 35 34 32 101

<E 2> Overall Performance Comparison of All Models

Model A GPU Lat
ode ccuracy VRAM atency
GPT 5-1 35.64% N/A ~1960ms
Qwen3—VL
. 31.68% | ~8.9GB | ~545ms
(Baseline)
Qwen3—VL+LoRA | 51.49% | ~8.9GB | ~505ms
Qwen3—VL+LoRA
i 36.63% | ~3.24GB| ~524ms
(4—bit)
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